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A Study on Korean Household Income Using Data Mining

Mo
Chun, Hae Jung

Abstract

The purpose of this study is to investigate the difference in information of the groups
with high and low Korean household income before and after the global financial crisis, by
the empirical analysis using empirical data mining with the data from the Korea Labor Panel.
The predictive accuracy of the model determined by decision tree, logit regression and neural
network is shown to be significantly high, with the highest in the predictive value of the logit
regression.

According to the empirical results, savings is found to affect most on the difference
between the high and low group in their Korean household income, followed by the type of
home owning and renting. According to the difference analysis before and after the global
financial crisis, the influence of whether they own real estates except houses on the
differences between the earned income groups, after the global financial crisis due to the
price fall.
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B 1. XAI2F74 Table 1. Variables

RPSENTES ZEE] 2 7= =559
Variables Description Value Criteria Measurement
1 TEAS0| =2 H
i TEAS HHHEICEAS 718 High Income bina
Income Group (Average Income Basis) 5 DEAE0| e ECh Y
Low Income
X9 25 1 T3 Metropolitan .
REGIeN Area 2 Hl=T @ Non-metropolitan Bl
EESTET 1 A2 Own ;
H_TYPE Housing Ownership 2 7|El Not own binary
= ias 1 Ch=Z=EH Detached House
HOUSE H T_‘“"TT 2 OlIE Apartment nominal
ousing Type 3 e
EDUC % 1SH| Education Cost - - interval
H_1410 =B MM E4 Housing Size - - interval
H_1412 AlZH2H Housing Price(10 Thousand won) - - interval
H_ 1413 A E 52T Deposit(1l0 Thousand won) - - interval
H_1414 YMZ(EH Rent(10 Thousand won) - - interval
AEYE O[S xHS RE 4 SACH Yes :
H_1501 . binary
The Presence of less than High School Student 2 oiCt No
1 o2 REHEICH Much
2 OF7F HICHEIC} Some
(nSaHd oI5 AN FME HE FE 3 BEE0|C} Normal
H_1993 (Less than High School Student) 4 g2 Behg|X] 2=} ordinal
The Economic Burden Not much
. | Be egux ged
Not at all
CHake oj& Al 99 1 QIC} Yes .
H__ 2001 b
— The Presence of more than Undergraduate 2 2CH No tnary
1 oje SEECH Much
2 o7k HLEHEIC} Some
(CHehY AHDHENN 25 = 3 2-S0|Ct Normal
H_2061 (More than Undergraduate) 4 g HOhg|X| Y=C} ordinal
The Economic Burden Not much
5 U REEX| =t
Not at all
agAE 0D 1 QIRIC} Yes
H_2111 ESS T I alda binary
The Presence of Financial Income 2 2ioiCt No
HEAIAE ©O0 T OIOJE} Yes
H_2121 Ny g ok binary
The Presence of Real Estate Income 3 219ICt No
ABS|IES 28K =] 1 QIALCL Yes
H_ 2131 =Y oA o s binary
The Presence of Social Security Beneficiaries 2 2ioict No
SriAlT = 1 QIQITt Yes
H_2171 =T O il binary
The Presence of Protected Household 2 21910} No
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1 QS Yes
H_ 2401 The Presence of Saving binary
(Last Year) 2 AAS No
i 1M0F 9 Ojot
Less than 10 million won
5 1%-2M5E0F 9 O|gk
Less than from 10 million won to 25 million won
3 2x—|5HH 57:-|E|f OJ D!EI}
Less than from 25 million won to 50 million won
4 5X-7E5e40E 21 0|2t
Less than from 50 million won to 75 million won
5 7H580r1 01 Q1 O|ok
ASHEAL ZOH(HZ) Less than from 75 million won to 100 million won
1-29 9 Ojgt )
H_2513 Total Real Estate Owned 6 Less than from 100 million won to 200 million won ordinal
(Category) 2-391 2 |t
7 Less than from 200 million won to 300 million won
" 349 9 O/t
Less than from 300 million won to 400 million won
9 4-59 @ 0/ot
Less than from 400 million won to 500 million won
10 5100 & Ojgt
Less than from 500 million won to 1 billion won
1 1021 9 oA
More than 10 billion
7 145 9f oot
Less than 10 million won
3 17 -2M5eH0F 9 0|0k
Less than from 10 million won to 25 million won
3 27555 F 2 O|ot
Less than from 25 million won to 50 million won
" SH-7H5800F 9 0|0t
Less than from 50 million won to 75 million won
5 7XSEH0R10] 9 Ojgk
Less than from 75 million won to 100 million won
TAl/A eSS SAEEP) 1-201 9 0|t )
H_2524 Total Deposit(Category) 6 | Less than from 100 million won to 200 million won | ©rdinal
. 2-39 9 oot
Less than from 200 million won to 300 million won
8 349 2 o|gt
Less than from 300 million won to 400 million won
9 4-591 e o|ot
Less than from 400 million won to 500 million won
10 5-10 @ O|gt
Less than from 500 million won to 1 billion won
11 10219 oA
More than 10 billion
1 Z~Ef Housing
2 71& Building
OIXIHEAL E2 ]
H_2532 = 3 210fF Forests and Fields inal
— Rental Real Estate Type HoF nomina
4 EX| Land
5 7|E} Ete.
A=K o
H_2652 F&A 5 i . = interval
Automobile ownershlp
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7 53.0%  82.0% 7 §5.2%  88.8%
1 47 0% 48 . 0% 1 10.8x% 14 4x
2 a2 478 2 422 381
1 783 a1y 1 a1 64
Totol 16688 1892 Totol 473 445
7 88 &% 61.8% p T0. 8% 42.6x
1 34 . 6% 3. 1% 1 59 . 1% 57 . 4x
2 536 507 2 340 372
] 284 312 1 499 501
Total 520 919 Total 545 573
2 45 . 9% 47 .9x 2 28.4% 27 %%
] S4.1% 52, 1% | 73.6%  12.9%
2 188 312 2 57 80
l 340 340 l 158 181
Total 620 652 Total 216 221
3 3. QAMEFELIR2A A D1-10AH2007 )
Fgure 3. Decision Tree Analysis 10th(2007)
1 oAEFLIE 2AMZHa} 0] 50%ECt B2 HeES 272 BAdA A
SleACt
Bao] Algst Rz 242 Ho)E(Train OAZELIR BAES  E-Miner® Decision
= = = -
Data)i} B7}2 (validation Data)% 242} 50%2) Tree NodeS OIBSIRL,  22I7IE(Splitting
HIgZ Egeigion o HEE ws Zof  Criterion)S] SRIES CHAIDS ol8sizn O
R-square3tol ooosm T We £= BE3 AZEUT 23R8 23 oRf (E 29 2t
H 2. QAMAT™LIR RN 2278 Table 2. Decision Tree Analysis Misclassification Table
10X}2007 ) 10th(2007) 15XH20124) 15th(2012)
rediction | 2245 58 | 2245 8 = rediction | 2245 58 | 2245 #8 =
A X|Reatt High Income Low Income Total A X|Reaft High Income Low Income Total
224E &8 cRaS =8
. - 414 463 877 r B 705 430 1135
High Income High Income
Ei_)‘\_E L[r% EE_/.\_E LI-%
- 246 1014 1260 - 366 1314 1680
Low Income Low Income
= 660 1477 2137 =2 1071 1744 2815
Total Total
MB 25 66.82%, Positive classification rates: 66.82% MB28: 71.72%, Positive classification rates: 71.72%
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2 Sp.2y 5.7
1 40 8% 40.3x
2 1667 1680
1 1148 11350
Tetal 2813 2814

h152401

) 8. 6s 16,00 ) 83,52
1 Bl .1k p1.0x 1 15.0x
2 488 475 2 701
1 1006 1015 1 136
Todal 1675 1660 Tolal B40
2 82,65  82.6% 2 36,75 36,0%
{ 37,25 37.1% i 83,35 82,0%
2 560 553 2 366 422
1 344 327 1 685 #55
Todol 824 860 Totol 1051 1110
2 EE. 1% E7.3% V] 40, b% 38. 7% 2 31,58 34,65 2 48, 0% 40, 3%
1 33.9% 32.7s \ A% Ax BY. 3% 1 EB.7% BA. 4% \ AZ. 0% LY §
2 531 500 |z 49 3 ||z 221 262 ||z 188 180
1 272 743 |1 72 CYO | 468 495 || 179 193
Telol  B03 743 firetol 111 137 flrotal 707 757 |ITotol 344 353
A% 4. QAMZEELIS A ADF-15KH20121H)
Fgure 4. Decision Tree Analysis 15th(2012)
2. EX|AE FHEN Z2 718 Al50] et @EREE ol <& 1t &

ZRAE] B0 CinlH4o] thEt AR
A2 DeviationdAlS AES

o] Ari AgE 2

E wsg0

T, 2 A0 Aa

| QS HWE

2laf Hs=efEii 2. Enter(None)2 AMSSISICE

H 3. 2A|AE YEM 2258 Table 3. Logistic Regression Analysis Misclassification Table
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